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Abstract: In the complex electromagnetic environment, accurately identifying the interference pattern and then adjusting
the communication strategy accordingly are the key links to enhance the anti-interference capability of communication
system and ensure the communication quality in the military and civil fields. Aiming at the problems of difficult identifi-
cation of interference signal type in complex electromagnetic environment, single feature extraction of traditional neural
network and insufficient adaptability of low dry signal ratio, an interference style identification model based on multi-
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els in accuracy, sample efficiency, and robustness under low dry-to-signal ratio conditions.
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